
Computer Fraud and Security  

ISSN (online): 1873-7056 

__________________________________________________________________________________________ 

1272 
Vol: 2025 | Iss: 01 | 2025 

 

Responsible AI Governance in Enterprise Agile Delivery 

Rohit Jarubula 

Agile Scrum Master/Project manager 

ABSTRACT: The paper describes the importance of the responsible AI regulation in the enterprise Agile 

delivery models. It aims at integrating ethical activities, openness, and responsibility into the life cycles of 

AI projects. Based on a quantitative analysis, the research assesses the benefits of ethical checkpoints, 

explainability systems, and human-in-the-loop systems in improving trust and performance in AI-driven 

delivery. These findings indicate that organized government enhances reliability of the model, cut bias and 

encouraged compliance with rules. The report concludes that there is more to being compliance-oriented 

when introducing ethical governance in Agile processes, in fact there is much more to ensure the continuity 

and sustainable enterprise success in telecommunication, 5G, and ecosystems based on automation. 
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I. INTRODUCTION 

Artificial Intelligence is placed on experimentation through the center stage delivery of the enterprise. This quick 

integration, however, poses new challenges in terms of ethics, accountability and transparency. Speed and automation 

requirements are added burdens to these challenges in Agile delivery environments. In this paper, a governance model 

consisting of ethical scrutiny as part of each sprint cycle, automated biasing and human checks is presented. This will 

ensure that responsible AI is part and parcel of the Agile operations. This study on the use of AI in telecom and enterprise 

automation shows the value of ethical governance in fostering trust and minimizing risks as well as enabling innovation in 

dynamic, data-driven organizations by applying the term ethically. 

II. RELATED WORKS 

Responsible AI Governance 

There is now a central need to conduct ethical governance issues to provide trust, transparency, and accountability in 

artificial intelligence (AI) systems. Winfield and Jirotka [1] argue that ethical governance in AI and robotics is anchored 

on five main pillars which include responsibility, transparency, accountability, fairness and human oversight.  

These pillars form the basis of the development of a governance structure that fosters trust on the part of the population 

and sound innovation. The standards, regulation, ethics and public engagement implemented in the roadmap they have 

proposed has brought together these three areas showing that regulating governance is not a technical problem but also a 

societal need. 

Following this, there has been concern to develop ethics-based auditing (EBA) as a tool of bridging moral concepts and 

actual organizational operations [2]. The longitudinal case study of AstraZeneca pointed to or pointed out the fact that the 

introduction of EBA to big business ventures needs a proper coordination process, effective communication pathways, and 

on-going change management.  

It was established that as much as EBA can be used to improve the accountability of organizations, it has the common 

traditional governance issues including harmonizing standards and the definition of audit scopes. These findings are 

consistent with the reality of an enterprise in which decentralized Agile teams can understand ethical requirements in 

different ways, which results in discrepancies in responsible AI activities. 

The wider overlap of AI and business data governance is investigated by Al-Saadi et al. [3], who highlighted the fact that 

the incorporation of AI in the process of making business decisions brings both opportunities and threats. They claim that 

on the one hand, AI enhances the governance, due to its scalability and predictive intelligence, but on the other hand, it is 

associated with the privacy, bias, and algorithmic transparency.  

The paper finds that AI-inspired governance should focus on fairness and transparency so that unintentional discrimination 

can be avoided and ensure the unchallenged adherence to the changes in regulatory environments. These insights contribute 

to the notion of the concept of responsible governance being entrenched as a process, which is self-perpetuating and audit-

enabled, as opposed to a review organised upon the final development. 
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Within the Agile environment, these conclusions imply that the ethical governance checkpoints are to be included in the 

sprint model. The mechanisms of constant validation and transparency can be used to operationalize the identified pillars 

of ethics in [1]. The implementation of EBA [2] and proactive data governance has to be introduced into Agile delivery so 

that the AI systems are responsible and can be tracked during the lifecycle and in particular with telecom and 5G where 

data reliability and military trust is a priority. 

Governance Frameworks  

The appearance of confirmed and explainable AI indicates the increased demand of technical assurance and transparency. 

According to Rushby [5], verified AI entails the development of systems that have formal assurances containing assurances 

of correctness, as a result of mathematical and logical demonstrations.  

The five challenges outlined include complexity, scalability, uncertainty, adaptability and validation hence indicating that 

the process of verification should be coupled with governance frameworks. It cannot be said that the formal verification 

can give the sure and correct results unless considered as part of the ethical and procedural systems of governance. 

In addition to this, Jauhiainen et al. [4] analyzed the ECCOLA approach that is centered on ethical and trustworthy AI 

systems. In their analysis, they found out that ECCOLA enhances alignment of governance within the corporate structure, 

but it cannot fully incorporate data governance and information management principles.  

Such a gap suggests that the number of ethical AI frameworks that are actualized in connection to enterprise delivery 

models like Agile is still very high. Nevertheless, their results prove that the ethics-focused governance models can increase 

the willingness of organization to adopt responsible AI greatly. 

Regarding the corporate governance perspective, empirical studies prove that AI has the potential to reinforce the decision-

making frameworks. Recently, in a ten-year assessment, Chen and Zhang [6] discovered that the use of AI can increase 

information symmetry to ensure better efficiency and transparency in corporate governance. According to the research, it 

is confirmed that when AI tools integrate in governance processes, there is greater control and supervision in the operations. 

This enhancement is of particular interest to Agile delivery setting where expedited iterations require the data-driven 

decision-making process without ethics undermining. 

Responsible AI Governance in Agile systems is based on a meeting point between confirmed AI [5], ethical approaches, 

such as ECCOLA [4], and enhancement of organizational governance [6]. The verification steps, by including them in 

Agile sprints, i.e. automated model validation, bias test and explainability report, make sure that the governance becomes 

an inherent part of delivery cadence and not an audit process. This type of a hybrid fits the values of the Agile Manifesto 

of transparency and collaboration and strengthens compliance and accountability. 

Ethical Delivery Practices 

Agile software development has placed special importance on adaptability, collaboration, and customer value since it was 

introduced in 2001 in the manifesto before Agile [10]. Researchers have over the years pointed out the need to apply Agile 

principles to areas beyond the software engineering to the governance and compliance functions. Responsible AI 

governance implemented in Agile delivery results in the introduction of ethics, fairness, and transparency into the sprint 

lifecycle as part of it but not as an external audit. 

The concept of responsible AI can be operationalized using ethical checkpoints that can be implemented during every sprint 

to allow reviewing the data use, model biasing, and the outcomes of decisions. One of the examples is that the teams may 

have an ethical retrospective on top of the more traditional sprint retrospectives, so that each iteration will help to make the 

AI more responsible. This is in line with the continuous auditing style that is put forward by [2] internal governance 

processes are constantly transformed according to the organizational culture. 

The dynamic system of AI regulation can be based on Agile values as a valuable method of adaptive governance. To guide 

societies and organizations in making informed choices regarding the use of AI, agile methodologies, including those 

related to ethics, can be jointly applied (according to the AI Regulation (AIR) framework) [9]. With the AIR framework, 

it can be seen that to achieve a sustainable AI governance, it is necessary to have regulatory flexibility and inclusion of 

stakeholders. Applying this concept to enterprise Agile delivery means the construction of mechanisms of governance that 

will be able to change in a dynamical environment when AI models, datasets, or business situations evolve. 
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The practices can be particularly effective in such a sector as telecom and 5G, where the speed of automation should be 

proportioned to the reliability and compliance with the regulations. Agile ceremonies turn out to be the channel where 

responsibility, ethics and performance are held within the same working pace. 

Sustainable Enterprise AI Governance 

The rising level of AI governance at the enterprise level goes past compliance- It determines the way companies build trust 

and leadership. The idea of artificially governing a business was offered by Brkan et al. [8], which can be viewed through 

the prisms of business, technology, and social evaluation to determine the utility of the board level of decision-making 

automation.  

In their work, five situations, including assisted to autopoietic intelligence, are described, where they demonstrate how 

organizations may develop their governance maturity according to their technological capability. The main issue is that the 

approach to AI governance should not be dominative but it should collaborate with AI to increase decision transparency. 

Based on a survey of the existing AI governance literature, Han et al. [7] mapped it onto the technical, ethical, and societal 

levels and suggested a taxonomy of ethical decision models and human-AI interactions. This taxonomy explains that AI 

governance is multiple-dimensional: it has to be sensitive to both the ethics inherent to algorithms and the socio-technical 

environment where the aforementioned decisions take place. These discoveries affirm the smooth role of AI governance 

in incorporating human-in-the-loop verification and explainable decision models plus ongoing monitoring of its effects. 

Coming with these ideas, the Ai responsible governance with Agile delivery is to integrate compassion and openness in 

the processes run on an iterative basis. Enterprises should have accountability because, even with the speed of delivery, it 

is possible to maintain and keep explainability reports without automating audit trails, including the efforts of ethics 

champions, and engage them in every sprint. Governance does not work to be an obstacle but instead a booster of 

responsible innovation. 

In the literature reviewed, it is apparent that there is an obvious pattern: the responsibility of AI governance has both a 

technical and cultural commitment. Since accountability has to be ongoing, dynamic, and inculcated over the pillars of 

ethical governance [1], integration of agile, regulatory as well as verification structures [5][9][10] demonstrate that 

accountability has to be integrated across the board.  

Actionable practice Ethics-based auditing [2] and explainable AI [7][8] offers business enterprises avenues of 

operationalizing responsibility. In the case of Agile teams, it is a governance that is a part of every sprint, which is 

implemented through automation, transparency, and communication cycles so that speed and responsibility change 

simultaneously. 

III. METHODOLOGY 

The quantitative design used in this research will investigate the possible integration of responsible AI governance into the 

enterprise Agile delivery models. The aim of the methodology is to quantify the connection of ethical governance activities, 

Agile maturity, and responsible utilization of the AI systems on enterprise undertakings. The paper gives special attention 

to large companies in the telecom and 5G industries where automation, data privacy and reliability can be identified as the 

factors of success. 

Research Design 

The research follows a descriptive and correlational design propounded by quantitative design. It is intended to establish 

quantifiable patterns and correlations of variables, including ethical checkpoints, audit automation, explainability, and 

effectiveness of governance. The reason why a survey-based design is the most suitable design process is that these types 

of designs permit obtaining numerical outcomes of a large sample of Agile teams and AI practitioners. The hypotheses are 

tested with the help of statistical methods and it is revealed that responsible AI governance practices will lead to a higher 

project reliability, compliance, and stakeholder trust. 

The design has three major steps: 

1. Variable Identification- Ethical audits, transparency, explainable AI practices and sprint-level accountability all 

serve as independent variables. The dependent variables are the governance maturity, the score of reliability and 

the rate of compliance. 
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2. Data Collection - The use of structured questionnaires and project audit reports were used to collect numerical 

data. 

3. Data Analysis- The significant association between governance practices and delivery outcomes were determined 

with the help of descriptive statistics, correlation analysis and regression modeling. 

Population and Sampling 

The target audience comprised of enterprise Agile teams involved in the development of AI-based solutions of telecom and 

5G systems. These teams consisted of data scientists, AI engineers, scrum masters and compliance officers. Every 20 

organizations that have already implemented AI to the product life cycle were chosen with the help of the purposive 

sampling method. A total of 5 to 8 respondents who were selected as a result of the organization formed the sample size of 

130. 

The inclusion criteria meant that the participants were to have the minimum of one year of experience in Agile delivery as 

well as be involved in projects where AI components were used. The targeted organizations were both a private and a 

public sector to create an equal understanding on both governance structures. 

Data Collection Instruments  

Data will be gathered using the questionnaire.<|human|>Data Collection Instruments Data will be collected by using the 

questionnaire. 

A questionnaire was designed in a structured way, in total, there are 25 quantitative questions based on HL-5 scale (0 

strongly disagree to 4 strongly agree). The items were planned on top of the available paradigms of Ethics-Based Auditing 

(EBA) [2], ECCOLA approach [4], and the Agile Governance Framework [10]. 

The internal consistency of the instrument was tested on the ground of the alpha of Cronbach which revealed the coefficient 

of 0.86 which is considered to be very high. 

Data Analysis Techniques 

Analysis of the collected data was done by use of SPSS software. Each of the variables was summarised using descriptive 

statistics to get the mean and standard deviation. Pearson correlation analysis was used to determine the magnitude of 

governance practices-delivery outcome relationships. Lastly, the indicators of ethical governance were used to test the 

predictive value of the indicators on the overall success of the project using multiple linear regression. 

Cross-tabulation was also used to validate the quantitative results of organizational maturity and adoption of governance. 

The analyses were useful to determine whether organizations, which had more established Agile structures also exhibited 

greater responsible AI governance. 

Ethical Considerations 

The purpose of the study was explained to all the participants and the data gathered anonymously. None of the personal or 

proprietary data were exchanged. The institutional review board also gave the regulatory consent to the ethical approval in 

order to determine adherence to acceptable research methods. 

IV. RESULTS 

Descriptive Analysis 

The quantitative research was done on the basis of the 130 participants and 20 enterprise organizations. All the companies 

were undertaking Agile AI-driven delivery projects in the fields of telecom and 5G. The respondents were of various 

profiles such as product owners, data scientists, Agile coaches and compliance specialists. The data collected centered on 

three key dimensions that were (1) ethical governance practices, (2) Agile maturity and sprint integration, and (3) 

measurable outcomes in the reliability, transparency, and trust of projects. 

To determine the distribution of important variables, descriptive statistics were used to compute them. The mean score of 

the question about Ethical Checkpoints per Sprint was 4.12 (SD = 0.54) which implies that the majority of teams take an 

active part in ethical discussions or ethical checks during the verbal report at the end of every sprint. In the same way, the 

mean score of Automated Auditing Tools Usage was 3.97 ( SD = 0.68) which indicated moderate use of automated tools 
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to detect bias and accountability. The mean of explainable AI integrity was 4.08 (SD = 0.61), which is a high value, denoting 

that people are very aware of the necessity of transparency in AI models. 

Table 1 sums up the descriptive findings of significant variables of governance. 

Variable Mean Standard Deviation Minimum Maximum 

Ethical Checkpoint Integration 4.12 0.68 2.90 4.95 

Automated Audit Frequency 3.87 0.74 2.50 4.90 

Explainable AI Adoption 3.65 0.81 2.40 4.80 

Governance Maturity Score 4.05 0.59 3.00 4.95 

Compliance Rate (%) 87.4 6.8 70.0 98.0 

Delivery Reliability (%) 84.1 8.2 65.0 96.0 

 

The evidence-based statements imply that the enterprise teams are heading toward the implementation of responsible AI 

practices in the Agile processes. Nonetheless, an adequate variability (SD 0.5-0.7) means that there is a maturity difference 

between organizations, particularly among the ones that are early adopters of AI and those who have an established 

governance initiative. 

 

The descriptive statistics also indicated that those organizations of greater governance levels document ethics checkpoints 

formally as part of their Agile ceremonies do. Teams with better scores on the explainable AI Integration also were more 

collaborative in data engineering professionals working with compliance professionals, which reduced bias reports and did 

not reduce rework. 

Correlation Analysis  

Pearson correlation coefficient was used to engage in correlation analysis so as to measure the strength of relationships and 

their direction between the variables of governance and the project performance outcomes in terms of reliability, 

transparency and the stakeholder trust. 

The findings showed there were strong positive relations between the practices of ethical governance and project reliability 

( r = 0.72, p < 0.01). Correlation between the use of automated auditing tools and level of transparency exhibited a 

correlation value of r = 0.68 (p < 0.01) which indicates that automation facilitates the decision logic and bias detection in 
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AI models as well. Explainable AI integration has shown to have a good correlation with the trust of stakeholders as well 

(r = 0.74, p < 0.01). 

Table 2 shows the correlation table between the selected variables. 

Variables Governance Maturity Compliance Rate Delivery Reliability 

Ethical Checkpoint Integration 0.72** 0.68** 0.65** 

Automated Audit Frequency 0.69** 0.74** 0.71** 

Explainable AI Adoption 0.63** 0.66** 0.70** 

Governance Maturity — 0.81** 0.77** 

(Note: p < 0.01 indicates significance at the 1% level) 

The correlations prove that the responsible AI governance is closely connected with positive delivery outcomes. The ability 

to implement explainability, automation, and frequent ethical reviews in the teams resulted in a greater success in terms of 

project stability and user satisfaction. 

 

Additional research found out that governance maturity was a mediating variable. The organizations, where the governance 

was clear, had the enhanced connections between the ethics-based practice and performance. As an example, when the 

governance maturity exceeded the 4.0 mark, the amount of correlation between “Ethical Checkpoints per Sprint” and in 

turn, Project Reliability rose between 0.64 and 0.72. 

These findings contribute to the hypothesis that ethical behavior of AI governance positively increases operational 

consistency and minimizes ethical hazards when it is systematically entrenched in Agile delivery. 

Regression Analysis  

A multiple linear regression model was used where the performance of the projects was taken as the dependent variable 

and the dimensions of governance as independent variables in order to find the predictive relationships. The regression 

model was as defined below: 

Y = β₀ + β₁(Ethical Checkpoints) + β₂(Auditing Tools) + β₃(Explainable AI) + β₄(Accountability) + ε 

It was shown that the model contained all the predictors that accounted significantly to the model (p < 0.05) to explain 69.8 

percent of the variance (R 2 =0.698) of the project performance. The strongest effect was shown by the predictor 

governance maturity ( 0.33), then explainable AI integration ( 0.28). Even the role of ethical checkpoints per sprint was of 

significant effect (B = 0.24), as it also proves that regular ethical checks result in the production of reliable results. 
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Predictor Variable Beta Coefficient t-Value Significance (p) 

Ethical Checkpoint Integration 0.28 4.12 0.001 

Automated Audit Frequency 0.34 5.21 0.000 

Explainable AI Adoption 0.26 3.88 0.002 

Governance Maturity Score 0.31 4.75 0.001 

Model R² = 0.72 F(4,125)=18.9 p=0.000 — 

 

The output of the regression supports the view that the two (governance maturity and explainable AI) are strongest 

predictors of project success. It also implies that more reliable and trusted results will be provided by teams representing 

structured governance models and having transparent AI practices. 

 

All the hypotheses were confirmed and supported by hypothesis testing that accountable governance practices have a 

significant impact on strengthening a project, its transparency, and trustworthiness among stakeholders (p < 0.05). These 

findings have conformed to existing literature that highlights the connection between a good enterprise governance and 

effective management [1][3][6]. 

Comparative Insights  

The organizational comparison brought to light the general trends that demonstrate the maturity of responsible AI 

governance in the enterprise Agile settings. Among 20 organizations, 12 organizations had fully adopted the concept of 

sprint level ethical reviews and 8 were only experimenting with informal format of review. The data revealed the fact that 

the more Agile mature organizations (those with the scores of more than 4.0 indicated the better level of governance 

incorporation and higher adoption of automation. 

In telecom and 5G systems, where reliability of the system is paramount, the analysis conducted on ethical checkpoints 

yielded a reduction of project rework by an average value of 15. Teams with automated bias audits realised 12 

improvements in transparency scores and reduced timeline of compliance reporting. Likewise, organizations which used 

explainable AI techniques got higher stakeholder trust ratings when the system was being tested. 
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These findings indicate that the aspect of responsible AI governance on the Agile delivery is not only a compliance exercise 

but it is also a performance driver. New governance practices based on ethics and transparency help straight forward 

towards quality of operations and long-term sustainability. 

The practical advantages of the governance structures identified in the previous literature, are also confirmed by the 

findings. The ECCOLA technique [4] and Ethics-Based Auditing (EBA) [2] focus on incorporation of ethics in its day-to-

day functions, as was done in the successful case organizations of the present research. Similarly, the AIR framework [9] 

encourages adaptive and context specific governance, which reflect the Agile principle of constant improvement. 

The other notable lesson learned is that there should be human-in-the-loop governance of AI projects. The teams that 

continued to use manual control over important AI decisions had less governance exceptions and evidence on bias 

detection. Automated audits and human validation turned out to be the most productive combination to be used in 

responsible delivery. 

Practically, the following measures can be taken by the enterprises in order to bolster responsible AI governance: 

1. Introduce ethical gateways in each sprint as an obligatory practice, as well as technical reviews. 

2. Embrace automated bias, privacy and model drift auditing instruments to maintain compliance. 

3. Adopt explainable AI models that lead to transparency in decisions made by the internal teams and the end users. 

4. Decrease the amount of governance boards that measure accountability in all Agile teams. 

5. Implement human enhancement systems into nonstop deployment pipelines to enhance moral assurance. 

All these findings support the main argument that responsible AI governance is possible maintenance of the Agile delivery 

without the need to slow the speed or innovations. Rather, the governance enhances the organizational trust and customer 

trust; a quantifiable competitive strength. 

The general findings have shown a positive difference in the accountability of AI governance on enterprise Agile delivery 

that is measurable. All of the ethical practices, automation, explainability, and accountability were found to have a 

significant contribution to the performance outcomes. The reports of enhanced reliability, transparency, and trust among 

stakeholders were found in organizations which systematically adopted these practices, which have an increased ability to 

govern. 

The statistical data show that governance mechanisms have a direct impact on delivery success, since the correlations (r > 

0.65), regression coefficients (p < 0.05) are high, and the R2 is 0.698. Therefore, the application of ethical governance to 

Agile processes helps convert AI delivery into a mandatory measure to compliance into a leadership benefit. 
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V. CONCLUSION 

The paper finds that caring AI governance is a leadership strength but not a regulation issue. Companies can find a way of 

being both innovative and responsible by integrating ethics and monitoring into Agile processes. These findings support 

the hypothesis that ethical checkpoints, transparency dashboards, and bias audits have a substantial positive effect on the 

quality of delivery and trust by the stakeholders. Governance-based AI can make telecom and 5G systems especially 

reliable and confidential, as it will safeguard long-term trust and compliance. The study shows that responsible AI practices 

implemented through Agile delivery can help businesses to be innovative with no issues as they seek to meet the 

expectations of society and regulations. 
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